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1.5 AAA;'FI‘OV\Ql Comments

- We have used COHJM3Q.+e— Fr‘fof‘s In  our
e,XOLmPles Lecause with suc h FV‘I‘O"S
1T 1s easy +o oerive the posterior.

. que G\_V\Qlys‘,' Mﬂt‘f Cer"‘l"t\.lnl\, use

V\O“*Coﬂjujad“& priers, but in That

case  the Fos+€,rior distribution
often cannot bhe de,m'ueal ot.na,\i‘l‘icq.lly

ond must be agfpr‘ox}mad‘d lo s
simulation  methods.

'__\]_2_":2_: The mqrj;’nq.[ g:al-p (or Fm-p)
of the data M(H')'”Jﬂ“) 's alse called
the Freﬂ\ic'l';uf-_ distribution of the data.
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- Bm{es lan Foiv\‘l’ €.S'h'mdors areée +‘7F"C‘t“7
biased (\mﬂr +Le7 are u.SuaL“7 consistent)
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of 6



— The FoS“l‘?.rfor mean 1S Fhe
eshwmater @ —H,\cd' M Iinimizes

Hais Ba_ye.s risk.
= B oo? es esth mad'o rs Q‘So L\_a.ve
30 OOL larﬁe - SQMF le_ ProFe_r'Hes :

o UV\AU quLGLl ‘r‘e,julOLrH‘y C_onaln"ll‘l‘ons)

asS ¥ — 8

Bayes eshmators (1ike MLEs) are -

* Consi S+en+

* a,s\fmF-\-o‘l‘icaully vor sl
* Q.S\IW\F'\_DJI—iCJL“\/ enfﬁicie,y\f,



