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2.6 Mowment Generating Funchons
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of a vrv. X s denoted d)(t) and defined
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Table 2.1
Discrete Probability Moment
probability mass generating
distribution function, p(x) function, ¢ (¢) Mean Variance
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Table 2.2
Continuous Moment
probability Probability density generating
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- These common distributhons are all
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